INTRODUCTION

Background/ Objectives and Goals
Social networking sites are compilation of services over the web that permits the user to build a profile within the system. It describes a directory of interconnected users with same connections through sorts of interests, concerns, or activities (Boyd & Ellison, 2008) (Fornacciari, Mordonini, & Tomaiuolo, 2015) . With the vast data available in the web, micro-blogging services, and social networking sites contribute a lot in making textual data on the Internet to grow fast. One of the most popular micro-blogging services available in the web is Twitter.
Twitter contains an enormous amount of data whether structured, semi-structures and unstructured which analysts and decision makers in an institution hardly interpret and describe (Sheela, 2016) . As of mid-year 2011, Twitter has posted over 200 million tweets per day (Twitter Engineering, 2011). Known as one of the most popular social networks, Twitter has been the subject of attention of researchers of different organizations (Fornacciari, Mordonini, & Tomaiuolo, 2015) .
Microblogging platforms such as Twitter can be used by an organization for many reasons. It can be used by different users to express opinions in a variety of topics and social interest. Thus, it is a valuable source of people's opinion (Sheela, 2016) . Almost in all human activities, opinions are fundamental factor because it influences our behaviors. Most often, we intend to know and consider the opinion of other people whenever we need to make a decision (Liu, Sentiment Analysis and Opinion Mining, 2012) (Liu, Web Data Mining: Exploring Hyperlinks, Contents, and Usage Data, 2011).
The study aims to describe the Twitter profile of a select institution in terms of frequency of posts, number of user interaction, and intensity of trending topics. Visualization of profile is also considered to clearly understand and discover patterns or relationships among data. This study also focuses on Twitter sentiment analysis which classifies the polarity of the twitter comments into negative, positive, and neutral categories. The Twitter feeds were classified using Targetdependent sentiment classification of tweets where the query serves as the target of the sentiments (Jiang, Yu, Zou, Liu, & Zhao, 2011). The terms such as #enrollment, #tuition, and #ncaa were empirically chosen as regard to the target sentiment of the Twitter user of the select institution. Lastly, general sentiments were visualized using sentiment visualizer.
METHODS
Mining Techniques
Data Mining is the process that uses statistical, mathematical, artificial intelligence and machine-learning techniques to extract and identify useful information and subsequently gains knowledge from large databases (Turban, Aronson, Liang, & Sharda, 2007) . Data mining twitter feeds to discover user's opinion became the attention of most company and other institution such as in education (Fornacciari, Mordonini, & Tomaiuolo, 2015) .
Opinion Mining also called sentiment analysis, it is the field of study that analyses people's opinions, sentiments, evaluations, appraisals, attitudes, and emotions towards entities such as products, services, organizations, individuals, To compute for the estimated sentiment, ratings for the common words found in the tools dictionary are combined with a mean rating and a standard deviation of the ratings for each dimension rating. For each word wi in the tweet that exists in the Tweeter Visualizer dictionary, word's mean valence µv,i arousal µa,i standard deviation of valence σv,i and arousal σa,i are saved. If a tweet contains less than n = 2 words found in the dictionary, it is ignored since it has an insufficient number of ratings to estimate its sentiment. The statistical average of the n means and standard deviations is computed to obtain the tweet's overall mean valence and arousal Μv and Μa (Healey C., Visualizing Twitter Sentiment, 2016). 
Data Collection
The corpus of tweeter feeds was collected using specialized tools that download feeds within the date range selected by the user. In the initial stage, unstructured data which includes date, author, and messages were extracted. The data were pre-processed to remove symbols such as quotations, return characters, and other punctuations to make it readable once imported. 
Estimating Sentiment
In estimating sentiment, this study utilized Sentiment Visualizer that applies Russell Model of Affect in representing the emotional properties embodied in the text. Machine learning algorithms such as Naïve Bayesian networks were used to estimate sentiment as part of the computational method applied in the tool (Healey C. , Visualizing Twitter Sentiment, 2016). It also uses term frequency -inverse document frequency (TF-IDF) to evaluate the importance of word to a document in a given data set. The number of times a word appears in each tweet is proportional in the increase of importance and is offset by the frequency of word in a data set.
RESULTS
The Twitter Profile
The raw data of the select institution from On the other hand, most users retweeted tweets ( Figure 6 ) were from @LPUPirates which has 22 retweets or 27.2% of the total number of analyzed tweets. This was followed by @LPUMMLmanila with 13 retweets or 16.0%. As illustrated in the graph, the user @KM_Jessica_Soho has 4 retweets or 4.9%, and @NCAAonSports5, a sports news user has 4 retweets or 4.9%. Whereas, @INQUIRERSports, @DepEd_PH, and @LPU_Sentinel were noted as same rank with 3 retweets or 3.7%. These users are news, government and student government users of the select institution. While @TagaLPU, @gmanews, and @AsuncionTrizia has 3 retweets or 2.5% of the total number of analyzed tweets which are news and student government actors of the select institution. Figure 7 shows the summary of Tweets activities of the select institution in terms of days per week and hours of the day. It shows that the user interactions were noticeably high during weekdays and started to be less active on weekends.
Figure 7: Hours and Days Tweets Analytics
It also shows that the users were most active between 11:00AM to 1:00PM, and between 5:00PM to 6:00PM. It was www.tjprc.org editor@tjprc.org observed that the select institution users were active during regular days and most active during break time.
Sentiment Analysis
Sentiment analysis is a field of study that analyses person's opinions, emotions, reactions and responses concerning a chosen topic (Liu, Sentiment Analysis and Opinion Mining, 2012). The sentiment analysis applied in this study was based on the polarity of the twitter comments into negative, positive, and neutral categories.
Figure 8: Polarity of Tweeter Comments
The tweeter feeds ( Figure 8 ) were classified into negative, positive, and neutral categories based on the given training set. The terms purposively chosen as target of sentiment are #enrollment, #tuition, and #ncaa. As gleaned on the graph, the polarity of tweets of the select institution shows that the sentiments have more positive polarity.
Sentiment Visualization
This study estimates and visualizes the general sentiment recovered from the select institution tweeter feeds. Each 
